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ABSTRACT
In this paper, we investigate the impact of IFRS 9 – Financial
instruments on bank risk. Using a sample of 666 banks across 61
countries for the period 2016–2019, we find a decrease in bank
risk following the implementation of IFRS 9. This implies that the
forward-looking loan loss provisioning, mandated under IFRS 9,
facilitates a reduction in bank risk. We find this effect to be more
pronounced for riskier banks, suggesting that the implementation
of IFRS 9 is a sign of effective regulation for banks rather than a
manifestation of regulatory overreach. We also find the effect to
be greater for banks in countries with stronger accounting
regulatory enforcement and high banking supervision intensity.
Overall, our results, which are robust to different estimation
techniques, including multi-level hierarchical regressions and
entropy balancing estimations, show that increased transparency
and timely recognition under IFRS 9 reduce bank risk.
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1. Introduction

The efficiency and effectiveness of the market’s monitoring of banks depend largely on
timely, consistent and reliable availability of information about banks’ performance
and risk exposures (Stephanou, 2010). The International Financial Reporting Standard
9 (IFRS 9) aims to provide more information about banks’ performance and risk
exposure due to the recognition of expected credit losses for forward-looking provisions.
However, the forward-looking provisions under IFRS 9 can be a double-edged sword
with embedded significant risks of unintended consequences (Giner & Mora, 2019),
making their impact on bank risk unclear.

On the one hand, forward-looking provisions can provide more information to the
market, reflecting a bank’s risk management abilities. Such detailed disclosures will
provide valuable information on the risk management of banks, which will enhance
monitoring by investors. Further, the increase in transparency gives investors direct
power to discipline banks by demanding higher returns (Flannery & Thakor, 2006; Hova-
kimian & Kane, 2000), whilst an increase in discretion will facilitate the prediction of
future losses and mitigate the pro-cyclicality of banks (Bushman & Williams, 2012).
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On the other hand, the subjectivity and forecast allowed in forward-looking provisions
under IFRS 9 increase management discretion. This could stifle the market’s monitoring
of banks, leading to an increase in bank risk (Albrahimi, 2019; Bushman & Williams,
2012). The complexities associated with increased discretionary provisions can discou-
rage market participants in checking bank behaviour because forward-looking provisions
can create opacity in financial reporting (Wall & Koch, 2000). Moreover, large loan pro-
visions could signal to the market a bank’s good management of loans and its ability to
withstand any economic downturn, which could motivate banks to take on more risk
(Beatty & Liao, 2011; Bouvatier & Lepetit, 2012; Bushman & Williams, 2012; Elliott
et al., 1991; Liu et al., 1997).

Our study investigates these two competing views on the implications of the
implementation of IFRS 9 for bank risk. We use a sample of 666 banks across 61
countries spanning the period 2016–2019. Following DeFond et al. (2015), we use a rela-
tively short sample period because IFRS 9 is a recent standard that became effective on 1st
January 2018. This period also allows for an equal two-year pre (2016–2017) and post
(2018–2019) implementation analysis. We focus on banks because existing commentary
on IFRS shows that IFRS 9 significantly affects banks’ financial statements more than
other firms (Albrahimi, 2019; Deloitte, 2019; Gomaa et al., 2019; KPMG, 2016). It is
also believed that the change in the accounting standard was the result of pressure
from bank prudential bodies and information asymmetry problems specific to banks
(Giner & Mora, 2019; Zeff, 2012). In line with prior studies that examine the impact
of IFRS on other firm-level outcomes (e.g. DeFond et al., 2015), we employ a research
design that compares bank risk in IFRS countries following the implementation of
IFRS 9 with bank risk in non-IFRS countries. This approach ensures that we control
for changes in non-IFRS factors that may affect bank risk-taking. In robustness
checks, we perform alternative estimations such as a multi-level hierarchical regression
since we use both bank-level and country-level variables.

Consistent with the view that expected loan loss provisioning enhances timely recog-
nition of losses and increases transparency, we find a reduction in bank risk following the
implementation of IFRS 9. Although IFRS 9 increases loan impairments, the detailed
projections like the lifetime expected credit loss provide timely and valuable information
which enhances the disciplining abilities of market participants. Such detailed infor-
mation boost investors’ confidence in the risk management and financial stability of
the bank. Furthermore, we argue that our results showing the reduction in bank risk
under IFRS 9 demonstrate the significant influence of bank regulators in the develop-
ment of the standard. Cohen and Edwards (2017) claim that bank regulators and super-
visors were the foremost critics of IAS 39, which focused on backward-looking provisions
that led to high risk-taking in bank lending. Hence, bank regulators championed the
forward-looking provision under IFRS 9 to reduce bank risk. In sum, our findings
suggest that although there is high discretion under IFRS 9, forward-
looking provisions can help reduce bank risk, thereby strengthening the financial stability
of the banking industry and the economy as a whole.

Our study contributes to the literature and practice in several ways. Firstly, we
provide evidence to support the theoretical analysis by Giner and Mora (2019),
Gomaa et al. (2019) and Novotny-Farkas (2016) on the expected impact of IFRS 9
in the banking sector. Empirically, we join a small but growing strand of literature
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that examines the implications of the expected credit loss model, mandated by IFRS 9,
for firm-level outcomes (Albrahimi, 2019; Dong & Oberson, 2021; Kim et al., 2020).
Kim et al. (2020) examine the impact of the expected credit loss on the timeliness
of loan loss provisions whilst Albrahimi (2019) extends this analysis to look at poten-
tial consequences for market discipline, in terms of the market sensitivity to leverage
risk. The closest of the three to our study, Dong and Oberson (2021), uses a sample of
European banks to examine how optional capital transition arrangements set out by
the Basel committee on bank supervision affects risk. We, however, focus on the man-
datory adoption of IFRS 9 using a global sample to investigate how bank risk may
have changed post implementation. Thus, we extend the literature on forward-
looking loan provisions and bank risk by providing evidence that the expected
credit loss under IFRS 9 provides relevant information that improves the market dis-
cipline of bank risk.

Secondly, we demonstrate that the effect of IFRS 9 on bank risk is more pronounced
for risker banks, suggesting that the implementation of IFRS 9 is a manifestation of
effective accounting regulation, rather than regulatory overreach. This distinction is
important because regulation targeted at relatively safer banks could have dire economic
consequences, including a decrease in investment and a reduction in shareholder value
(Allen et al., 2012). Thus, our findings provide further clarity on the effect of IFRS 9
by considering the ex-ante risk levels of banks.

Thirdly, we add to the literature that examines the effects of discretionary accounting
on banks’ economic behaviour (Beatty & Liao, 2011; Bouvatier & Lepetit, 2012; Bushman
& Williams, 2012; Giner & Mora, 2019). Gomaa et al. (2019) claim that the forward-
looking provisions increases reserves but also increase earnings management. Bouvatier
and Lepetit (2012) find discretionary accounting, such as forward-looking provisions, to
mitigate the pro-cyclicality of loan provisions. However, Beatty and Liao (2011) opine
that the effect of forward-looking provisions on pro-cyclicality is subject to the change
in bank behaviour following the change in accounting standard. Our study, therefore,
complements this stream of research by examining whether the implementation of
IFRS 9, a standard with high discretion, affects bank risk. Thirdly, we also contribute
to the effect of changes in accounting standards on banks’ behaviour, an area that has
attracted less attention due to the complexities of the banking industry (Beatty & Liao,
2014).

From a policy perspective, our study provides first-hand evidence to bank regulators
and standard-setting bodies, like the International Accounting Standards Board (IASB),
on the importance of accounting standards in influencing bank risk. Further, we contrib-
ute to the policy debates on the economic consequences of forward-looking provisions by
showing that IFRS 9 provides valuable information for the market to discipline bank risk-
taking behaviour. As with many banking regulations, any changes that tighten banks’ risk
exposure negatively affect their lending activities (Allen et al., 2012; Ertan, 2021). Thus,
the changes from incurred credit loss to expected credit loss can cause banks to reduce
their lending, leading to unexpected economic cost. However, a reduction in lending also
suggests an improvement in the quality of loans granted which could reduce bank risk
exposure.

The rest of the paper proceeds as follows: We provide a brief overview of IFRS 9 in
Section 2 and review prior literature in Section 3. In Section 4, we describe our data
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and sample and set out our research design in Section 5. We present the results of our
empirical analysis in Section 6 and conduct robustness checks in Section 7. Section 8
concludes.

2. A brief overview of IFRS 9 – financial instruments

There are both academic and professional commentaries about IFRS 9 and how it differs
from its predecessor, IAS 39 (Deloitte, 2013, 2016, 2019; Ernst and Young, 2014; KPMG,
2016; Novotny-Farkas, 2016). Hence, we provide a brief overview, focusing on how the
requirements contained in the standard could affect bank risk.

A key difference between IAS 39 and IFRS 9 is the recognition of provisions. Under
IAS 39, provisions are made based on the incurred loss model, whereas in IFRS 9, pro-
visions are based on the expected loss model in three stages depending on a significant
increase in credit risk. IAS 39 requires that a financial asset or group of financial
assets, including loans and advances, is impaired if only there is objective evidence
because of one or more events that occurred after the initial recognition of the asset
(Deloitte, 2016). Thus, provisions are made based on the actual or complete certainty
of an event that causes impairment.

According to Gebhardt (2016), the underlying principle of loss provisions under IFRS
9 is that provisions are set up for an increase in expected credit losses because the
expected credit losses over the maturity of the debt instrument are reflected in a credit
risk premium included in the interest rate at the loan contracting stage. Therefore,
there are three stages under which the expected credit loss will increase for which pro-
vision will be made. Credit loss is the discounted amount of the differences between
all contractual cash flows and the expected cash flows.

Stage 1 financial assets include all assets for which the expected credit loss does not
change significantly. Also, firms have to recognise the 12-month expected credit loss,
which is a portion of the lifetime expected credit loss of the asset in the first reporting
date (Albrahimi, 2019). All debt instruments, including loans and advances immediately
after origination, are allocated to Stage 1 as long as the risk of a default occurring has not
changed significantly compared to the date of initial recognition (IFRS 9.5.5.9). Never-
theless, IFRS 9 only indicates default without any explicit definition, giving management
more discretion. The standard states that preparers of accounts should use a default
definition that is consistent with the definition used for internal credit risk management
purposes. However, there is a rebuttable presumption that default does not occur later
than when a financial asset is 90 days past due (IFRS 9, B5.5.37). The standard also
gives presumptive signs of a significant increase of credit risk on a financial asset
when contractual payments are more than 30 days past due after the initial recognition
(IFRS 9.5.5.11).

When the credit risk of financial assets increases significantly, they should be moved to
Stage 2, where impairment is set up to reflect the assets’ lifetime expected credit loss.
Financial assets with significantly high credit risk, considered as credit-impaired assets
due to successive defaults, are allocated to Stage 3. Like Stage 2, loan loss allowances
in Stage 3 are estimated based on the asset’s lifetime expected credit loss. However,
the lifetime expected credit loss in Stage 3 would be higher than in Stage 2 due to the
high probability of default in Stage 3.
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The main difference between IAS 39 and IFRS 9 is much clearer when the assets are
moved to Stage 2 and 3 because, at Stage 1, it is less likely that the expected losses will be
significantly different from those captured in interest rates as a credit risk premium
(Novotny-Farkas, 2016).

An example of how the implementation of IFRS 9 changes the provisions on a bank’s
credit losses compared to IAS 39 is as follows. The COVID-19 pandemic has had a sig-
nificant impact on the aviation sector, where some firms are winding up with high expec-
tations of additional firms folding up in the next few years. Therefore, bank loans to
aviation professionals and firms are likely to be affected by both incurred losses and
expected losses. Under IAS 39, banks are required to account for only the loss which
has occurred in the current year (firms that have close or those who have lost jobs).
However, IFRS 9 requires banks to account for all possible credit losses that the bank
could estimate from the effect of COVID 19 both in the current year and future years.
Thus, loan loss provisions on the aviation sector under IFRS 9 will include both incurred
losses and expected losses, which will be larger than those provided for under IAS 39.
Such a large provision will trigger a reduction in the regulatory capital and retained earn-
ings of the banks and subsequent reduction or non-payment of dividends. Therefore,
given the expected loss from COVID 19, banks can be cautious by reducing their
overall investments, loans and advances exposure (taking less risk), leading to a
further reduction in profits. Moreover, banks can use the insights from expected loss esti-
mation to design more robust investments, loans and advances to increase their perform-
ance that will cover up expected losses due to COVID 19.

3. Literature review

The financial reporting environment, including presentation and disclosures, is a signifi-
cant determinant of firms’ risk-taking behaviour (Bleck & Liu, 2007; Hutton et al., 2009;
Jin & Myers, 2006). More specifically, accounting standards influence bank behaviour
through the impact financial statements have on bank supervision and also via quantitat-
ive regulatory requirements such as minimum capital ratios (Barth & Landsman, 2010).
The Federal Deposit Insurance Corporation (FDIC) suggests that without accounting
standards and financial statements, it will be difficult to evaluate the safety and soundness
of banks to kerb excessive risk-taking by banks (FDIC 199). Further, Beatty and Liao
(2014) argue that changes in accounting standards provide significant incentives for
banks to change their economic behaviour because regulatory capital is calculated on
accounting numbers.

Generally, empirical studies on the consequences of IFRS at the firm level show that as
a single set of high-quality global standards, IFRS improve disclosure, comparability and
transparency in financial reporting (Byard et al., 2011; Daske et al., 2008; DeFond et al.,
2011; Tan et al., 2011). Such an increase in transparency enables capital providers to
monitor the risk-taking by firms (DeFond et al., 2015; Hutton et al., 2009; Jin &
Myers, 2006). Theoretically, Bleck and Liu (2007) posit that mark-to-market accounting,
which is a principle of IFRS, provides early warnings to capital providers which is further
consistent with analysts persistently seeking fair value information from global banks
(Bischof et al., 2014). Therefore, the fair valuation and forward-looking requirements
of IFRS 9 could offer earlier warnings to market participants on banks’ risk-taking
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behaviour. Giner andMora (2019) suggest that the provision of risk information on loans
increases market discipline on banks. Novotny-Farkas (2016), therefore, argues that
earlier and high recognition of loan losses through the expected credit loss will decrease
earnings and capital, and hence reduce the bank’s ability to engage in any risky
investment.

The expected credit loss provisions under IFRS 9 are in line with bank regulators’ pre-
ference ofensuring financial stability (Giner & Mora, 2019). According to Cohen and
Edwards (2017), forward-looking provisions put banks in a better position to support
economic crises because early loss recognition speeds up the cleaning up of the
balance sheet. The balance sheet clean-ups will reduce capital, which could dampen
any future lending (Cohen & Scatigna, 2016; Gambacorta & Shin, 2018). Deloitte
(2013) indicates that the increase in disclosure around IFRS 9 reduces the uncertainty
over loan valuations, making it easier for banks to take only relevant risks. Further,
the Deloitte analysis suggests that the estimation of expected credit loss could help
banks in making lending decisions. Information such as the nature, likelihood and
timing of risks required to estimate the expected credit losses provide valuable infor-
mation to banks in the assessment of investment either in loans or taking capital from
the market. Furthermore, the detailed disclosure under IFRS 9 includes information
on the quality and creditworthiness of loans, which reduce information asymmetry
arising from agency problem between bankers and their customers (Giner & Mora,
2019).

However, and as earlier mentioned, forward-looking provisions in financial reporting
could be a double-edged sword (Bushman, 2016; Bushman & Landsman, 2010; Bushman
& Williams, 2012; Wall & Koch, 2000). On the one hand, high discretion and flexibility
can allow managers to incorporate more information about future expected losses and
risk exposure, making accounting information timeliness (Kim et al., 2020). The shift
to expected credit loss can improve loan loss recognition timeliness, especially in
riskier banks (Kim et al., 2020). On the other hand, high discretion and flexibility can
lead to opportunistic financial reporting and a decrease in transparency, causing poten-
tial unintended negative consequences (Wall & Koch, 2000). Indeed, Novotny-Farkas
(2016) argues that given the high minimum capital requirement and large loan loss pro-
visions, management will have more incentives to delay recognition of losses and manip-
ulate earnings under IFRS 9. Such deterioration in transparency could exacerbate the
difficulties of investors disciplining risk-taking by banks. Similarly, Bushman (2016)
also suggests that capital inadequacy due to earlier and large loan loss provisioning com-
bined with less transparency can increase banks’ incentive for risk-taking and risk-
shifting.

Using a sample of 27 countries, Bushman and Williams (2012) demonstrate that
depending on managers’ discretion, forward-looking loan provisions such as the
expected credit loss can either positively or negatively affect firms’ behaviour. They
argue that opportunistic managers can use expected credit loss to manipulate earnings
and decrease transparency, circumventing any check on risk-taking. However, the
forward-looking provision could be used to properly manage risk-taking behaviour
if the model is meant for timely recognition of losses. In Spain, Novotny-Farkas
(2016) reports that the forward-looking loan provisions, also known as the collective
impairment, made loan loss provisioning less transparent. As such, banks were

6 A. KYIU AND V. TAWIAH



looking healthy when they were actually in financial distress leading to the crash in the
banking sector in Spain (Bloomberg, 2012). Gebhardt and Novotny-Farkas (2011)
argue that mandatory adoption of IFRS improves the accounting quality of banks
due to the recognition of only incurred losses under IAS 39, implying that the
removal of incurred losses with expected losses as replacement is likely to impair the
accounting quality of banks.

The noise and bias in estimates introduce measurement errors in accounting infor-
mation, which impair market participants’ ability to evaluate the performance and risk
exposure of the firm (Ball, 2006; Plantin et al., 2008). The volatility of fair valuation
and forward-looking provisions can caution banks in investing in risky investments.
Nonetheless, the same fair valuation and forward-looking provisions can induce risky
investment due to the amplification of potential investment gains, especially when the
information contains errors (DeFond et al., 2015; Li, 2017).

Furthermore, although IFRS 9 and its associated standard, IFRS 7, will result in more
detailed disclosures, the widening scope of managerial judgment in IFRS 9 increases
managerial discretion on what to present to investors. In the end, managers are more
likely to disclose what will influence investors and market participants to stick with
the bank. Craig Nichols et al. (2009) argue that bank managers can advance their infor-
mation advantage over the market participant by smoothing earnings that are opportu-
nistic or align with capital providers. For example, a delay in moving assets from Stage 1
to Stage 2 for expected credit loss recognition under IFRS 9 could result in a “too little too
late” situation for investors and regulators (Novotny-Farkas, 2016). The subjectivity
offered under IFRS 9 does not only deter transparency, but also impedes comparability,
especially in the case of IFRS 9, where there is no requirement to disclose back-testing,
which could provide information on inputs, assumptions and techniques used in estimat-
ing the provisions (IASB, 2013). The complex decision process for calculating impair-
ment, coupled with high discretion, could lead to different loan loss provisions for
identical assets in identical circumstances. Using the case study of Greek government
bonds, Gebhardt (2016) demonstrate that the complex impairment calculation and man-
agerial discretion offered under IFRS 9 could lead to delay and low provisions compared
to the fair value losses. Albrahimi (2019) reports that IFRS 9 decrease the market disci-
pline over risk-taking of banks because of the decrease in the sensitivity of leverage to
changes in risk.

Using a sample of US banks, Beatty and Liao (2011) find that expected loss provisions
increase lending while delayed loss provisions reduce lending because banks using the
latter approach are likely to face more significant capital inadequacy and replenishment
of capital during times of crisis. Elliott et al. (1991) also suggest that market participants
react negatively to loans written off but see earlier loan loss provision as a good signal of a
bank’s management of loans. They argue that loan write-ups reduce the capital adequacy
ratio compared to loan provisions, which increases the capital adequacy. The market may
also respond positively to high provisions because such provisions indicate that the banks
are less pro-cyclical and resistant to economic downturns (Beatty & Liao, 2011; Bouvatier
& Lepetit, 2012; Bushman & Williams, 2012; Liu et al., 1997). In a study of European
banks, Dong and Oberson (2021) found that the adoption of IFRS 9 reduces bank
exposure to systematic through the implementation of capital transitional arrangement
set out by the Basel Committee on Banking and Supervision.

ACCOUNTING FORUM 7



Following the discussion above, we argue that the implementation of IFRS 9 will sig-
nificantly impact banks’ risk. However, given the two competing views that we articulate,
it could increase or decrease bank risk. Consistent with the expectation of bank regula-
tors, the forward-looking provision can provide more timely and consistent information
for the market to discipline banks on excessive risk-taking. On the contrary, though
unintended, the complexity and discretionary process of estimating the forward-
looking provision could increase the opaqueness in financial reporting credit, thereby
incentivising management to present information that aligns with shareholders’ interest
for more risk-taking. Quality high provision under the expected credit loss can also signal
to the market about the banks’ good management of loan portfolios, attracting more
capital from the market.

4. Sample and data

We compile our sample by relying on López-Espinosa et al. (2021), who provide compre-
hensive information on the implementation of IFRS 9 by countries worldwide.1 Our
sample spans the period 2016–2019. In the spirit of DeFond et al. (2015), we focus on
a relatively short window of two years before the adoption of IFRS 9 (2016 and 2017)
and two years after the adoption of IFRS 9 (2018 and 2019) to reduce the impact of con-
founding factors. We then obtain financial statement information for all available banks
on our list of countries from the Orbis Bank Focus database by Bureau Van Dijk. We
obtain stock return data from Datastream. We also collect bank-level governance data
from Boardex and country-level data from the World Development Indicators of the
World Bank Indicators. Combining all our data sets yields a total of 1978 bank year
observations for 666 banks across 61 countries. The 61 countries are made up of 46
countries that implement IFRS 9 and 15 countries than do not implement IFRS 9
during our sample period. Table 1 shows the number of observations by country in
both IFRS 9 and non-IFRS 9 adopting countries. The highest number of bank year obser-
vations for the bank IFRS adopting countries comes from the UK, with 47 observations
constituting about 6% of the total observations of the IFRS adopting countries. For non-
IFRS countries, the largest number of observations comes from the United States, con-
stituting about 74% of the observations from non-IFRS adopting countries.

5. Research design

5.1. Measures of bank risk

Given that we aim to examine the effect of IFRS 9 on bank risk from a capital market
perspective, we adopt market-based measures of bank risk. We use two market-based
measures of bank risk in our analysis, consistent with the literature. These are Total
Risk and Systematic Risk. Total Risk captures the market’s view of the inherent risk in
banks’ assets, liabilities ad off balance sheet items and also reflects the overall variability
of banks’ stock returns (Pathan, 2009) whilst systematic risk reflects a risk factor that
helps to determine investors’ expected returns. Our use of market-based measures of

1The list can be obtained from the Internet Appendix of the paper (Appendix OE).
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risk is further motivated by the fact that accounting-based measures of risk are likely to
be mechanically affected by the adoption of IFRS 9. We measure Total Risk as the stan-
dard deviation of daily stock returns of each bank for each fiscal year (Dong & Oberson,
2021). This is computed as follows:

Total Risk =
������������������
1
n

∑N
t−1

(Rit − �Ri)
2

√√√√ (1)

Where Rit is the return on day t for bank i and �Ri is the average return of bank I for each
year.

We measure Systematic Risk as the beta from a market model regression of the daily
returns of each bank in each year against the corresponding daily returns of a market
portfolio. Following Iannotta et al. (2019) and Dong and Oberson (2021), we use the
Morgan Stanley Capital International (MSCI) world index as the market portfolio.
We, therefore, determine Systematic Risk for each bank for each fiscal year by estimating
the following model:

Rit = a0 + biMSCIt + 1it (2)

Where Rit is the return on day t for bank i and b is our estimate of Systematic Risk for
each bank.

5.2. IFRS 9 adoption

We capture the adoption of IFRS 9 using an indicator variable that takes the value of 1 if a
bank is domiciled in a country that implements IFRS 9. It takes the value of 0 for banks in
countries that do implement IFRS or those that implemented IFRS 9 after the end of our
sample period, i.e. after 2019. We capture the period following the implementation of
IFRS 9 using another indicator variable Post, which takes the value of 1 for the years
2018 and 2019 and 0 for the years prior, i.e. 2016 and 2017.

Table 1. Sample distribution.
IFRS 9 NON IFRS 9

Australia 32 Hungary 3 Philippines 19 Argentina 5
Austria 17 Ireland 10 Poland 25 Bangladesh 3
Bahrain 8 Italy 39 Portugal 6 Brazil 18
Belgium 5 Jordan 6 Qatar 12 Chile 9
Canada 42 Kenya 4 Romania 3 India 108
China 53 Kuwait 6 Russia 12 Indonesia 22
Colombia 3 Lebanon 6 Saudi Arabia 22 Israel 14
Cyprus 7 Lithuania 3 Singapore 10 Japan 41
Czech Republic 3 Malaysia 25 South Africa 21 Mexico 6
Denmark 32 Malta 3 Spain 26 Pakistan 14
Egypt 4 Mauritius 3 Sri Lanka 7 Switzerland 42
Finland 11 Netherlands 16 Sweden 18 Thailand 22
France 33 Nigeria 21 Turkey 25 Togo 3
Germany 33 Norway 15 United Arab Emirates 41 United States 892
Greece 12 Oman 7 United Kingdom 47 Vietnam 3
Hong Kong 20
776 1202

This table presents distribution of the sample by country for both IFRS 9 and non IFRS 9 implementing countries.
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5.3. Control variables

We control for several bank financial characteristics in line with previous studies (e.g.
Dong & Oberson, 2021). We include the size of the bank (Bank Size), which we
compute as the log of total assets, ROA which we calculate as the ratio of net
income to total assets. We also control for the variability of bank profitability by includ-
ing the standard deviation of ROA over the preceding three years for each year. We
further control for regulator capital by including banks’ Tier 1 capital ratio. We also
control for two bank-level governance variables as prior studies show that corporate
governance characteristics influence the risk-of firms in general (e.g. John et al.,
2008) and banks in particular (Berger et al., 2014; Laeven & Levine, 2009; Pathan,
2009; Srivastav & Hagendorff, 2016). Specifically, we include the proportion of indepen-
dent directors (Board Independence) as structures that may constrain the risk-taking
behaviour of bank executives and also improve monitoring (Minton et al., 2014). We
also include a dummy variable that captures whether the CEO of the bank also
doubles as its Chairman (CEO Duality) (Erkens et al., 2012). Finally, we control for
country-level factors that capture the characteristics of the economy in which banks
operate. Specifically, we follow Dong and Oberson (2021) include and the annual
rate of growth of GDP (GDP Growth).

5.4. Summary statistics and correlations

Table 2 provides summary statistics of all variables. In panel A, we present statistics for
the full sample. The mean (median) value of Total Risk is 1.7% (1.5%) and that of Sys-
tematic Risk is 0.81 (0.77). Whilst the mean (median) values for Systematic Risk are
closer to those reported in studies like Dong and Oberson (2021), those for Total Risk
are much lower. This is because, unlike Dong and Oberson (2021), we do not multiply
our standard deviation by the square root of 250. When we do in unreported analysis,
we obtain a Total Risk mean value of 0.26 compared to theirs of 0.35. Furthermore,
our main results do not change with the use of the annualised standard deviation
figure. The mean (median) values of other variables are generally consistent with most
previous studies. We also provide disaggregated mean values for banks in IFRS countries
and those in non-IFRS countries. As can be seen from the table, we observe statistically
significant differences between mean values for systematic risk. However, our main

Table 2. Summary statistics.
Full Sample IFRS 9 NON IFRS 9 Diff

N Mean SD Median Min Max Mean Mean

Total Risk 1978 0.017 0.006 0.015 0.005 0.051 0.017 0.017 0.000
Systematic Risk 1978 0.811 0.566 0.773 −0.306 2.090 0.594 0.952 −0.358***
Size 1978 16.939 2.019 16.708 11.701 22.177 17.818 16.372 1.446***
ROA 1978 0.010 0.010 0.009 −0.045 0.078 0.011 0.009 0.002***
SD ROA 1978 0.003 0.005 0.002 0.000 0.051 0.004 0.002 0.001***
Tier 1 Capital 1978 0.144 0.044 0.132 0.068 0.339 0.158 0.136 0.022***
Board Independence 1978 0.836 0.135 0.875 0.231 1.000 0.824 0.844 −0.020***
CEO Duality 1978 0.201 0.401 0.000 0.000 1.000 0.068 0.286 −0.218***
GDP Growth 1978 0.027 0.018 0.022 −0.037 0.083 0.027 0.027 0.000

This table presents summary statistics of variables used in the analysis. It shows summary statistics for the full sample and
mean values for IFRS9 and non IFRS 9 sub-samples.
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analysis will provide more clarity on whether risk has decreased in the post IFRS 9 period
for banks in countries that implement IFRS 9 and those that do not.

In Table 3, we present the correlations of our variables. Generally, we do not observe
high correlations among our variables, notably the control variables. Thus, multi-colli-
nearity does not pose a challenge for our analysis.

5.5. Empirical testing

For our baseline regression, we develop a difference in difference set up by estimating the
following equation.

Bank Riskit = b0 + b1Postit × IFRS 9+ bj(Controlit)+ Bank Fixed Effects

+ Year Fixed Effects+ 1it (3)

Our main variable of interest is the interaction term between Post and IFRS 9. IFRS 9 is a
dummy that takes 1 for banks in countries implementing IFRS 9 and zero, otherwise.
This interaction term captures the incremental change in bank risk for banks in IFRS
9 countries (treatment group) relative to non-IFRS 9-adopting counties (control
group). Given that we include bank fixed effects in our regressions, we exclude the stan-
dard-alone variables of the interaction term as these are absorbed by the fixed effects. All
variables in equation (3) are defined in Appendix 1.

6. Results

6.1. IFRS 9 and bank risk

In Table 4, we present results from estimating equation (3). Our variable of interest here
is the interaction term, Post x IFRS9. In column 1 of the table, we present results for Total
Risk as the dependent variable and present those for Systematic Risk in column 2. For
both columns, we include bank and year fixed effects. Across both columns of the
table, the coefficient of the interaction term, Post x IFRS9, is negative and statistically sig-
nificant at the 5% and 1% levels for Total Risk and Systematic Risk respectively. This
suggests that following the implementation of IFRS 9, banks in IFRS 9-adopting
countries experienced a decrease in risk relative to their non-bank IFRS 9 counterparts.

The results are consistent with the view that IFRS 9 enhances the reduction of risk
through forward-looking loan loss provisioning. Compared to the incurred loss approach
under IAS, 39, the expected credit loss approach under IFRS 9 provides timely recognition
of losses and early warnings that the market can use to promote disciplinary pressure on
bank risk-taking. These disciplinary pressures on banks’ risk-taking lead to a decrease in
leverage in response to increased risk. Further, the forward-looking provisions require
more disclosure, increasing the transparency of banks’ risk management on loans. Aware-
ness of future losses cautions the banks in the disbursement of loans, resulting in a decrease
in lending. Overall, our results are consistent with practitioners and bank regulators’ view
that IFRS 9 ensures thefinancial stability of banks by exerting disciplinary pressure on risk-
taking (Deloitte, 2016, 2019; KPMG, 2016). Similarly, our results align with findings of
Bushman and Williams (2012) that forward-looking provisions discipline banks’ risk-
taking. On the contrary, Albrahimi (2019) document a reduction in market discipline
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Table 3. Correlations.
1 2 3 4 5 6 7 8

1 Total Risk
2 Systematic Risk 0.146***
3 Size −0.0512** 0.131***
4 ROA −0.219*** −0.0604*** −0.137***
5 SD ROA 0.327*** −0.0948*** −0.134*** 0.115***
6 Tier 1 Capital −0.0887*** −0.130*** −0.0593*** 0.314*** 0.0709***
7 Board Independence −0.188*** 0.121*** −0.123*** −0.00545 −0.0907*** −0.0751***
8 CEO Duality −0.0812*** 0.227*** −0.0472** 0.0406* −0.0699*** −0.0632*** −0.00425
9 GDP Growth 0.0162 −0.278*** 0.120*** −0.0671*** −0.0132 −0.151*** −0.135*** −0.0837***
This table presents correlations among variables used in the study. All variables are defined in Appendix 1. ***, ** and * denote statistical significance at the1%, 5% and 10% levels respectively.
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following the implementation of IFRS 9. Their results are likely to be driven by the use of
US firms as the only control sample and quarterly data. Quarterly reporting is not manda-
tory inmost countries, including UK (since 2014), and quarterly data does not account for
intertemporal variation in firm’s fiscal year. Therefore, our results are likely to differ from
those of Albrahimi (2019) due to methodological design.

With regards to our control variables, co-efficient estimates of Size are positive and
statistically significant for Systematic Risk at the 1% level. This relationship is generally
consistent with those reported in Dong and Oberson (2021). Intuitively, ROA has a nega-
tive and statistically significant effect on Total Risk. Overall, control variables have the
expected signs.

6.2. Cross-sectional analysis: safer vs riskier banks

We next examine whether the results from our baseline regression vary in the cross-
section. Specifically, we test whether and to what extent the reported negative relation-
ship between IFRS 9 and our market risk measures is dependent on the level of banks’
risk exposure prior to the implementation of IFRS 9. This distinction is important
because of the implications that the implementation of IFRS 9 may have for the regu-
lation of banks. Amel-Zadeh and Barth (2021) argue that regulation of banks is
deemed effective if it reduces risk for riskier banks. For safer banks, risk reduction
could amount to regulatory overreach, making such interventions counterproductive.

Table 4. Baseline regression.
(1) (2)

Total Risk Systematic Risk

Post x IFRS 9 −0.0008** −0.2837***
(−2.13) (−10.71)

Size 0.0002 0.1283**
(0.21) (2.42)

ROA −0.1873*** −2.6263
(−5.40) (−0.47)

SD ROA −0.0058 −1.8021
(−0.09) (−0.35)

Tier 1 Capital −0.0042 −0.9661
(−0.43) (−1.49)

Board Independence −0.0011 −0.3196
(−0.32) (−1.29)

CEO Duality −0.0005 −0.0684
(−1.33) (−1.41)

GDP Growth −0.0361*** −4.8957***
(−2.75) (−5.58)

Constant 0.0187 −0.7262
(0.99) (−0.79)

Bank Fixed Effects Yes Yes
Year Effect Yes Yes
N 1978 1978
Adjusted R2 0.189 0.278

This table presents regression results for the impact of the post IFRS 9 implementation period on bank risk for banks in
IFRS 9 adopting countries relative to non-IFRS 9 adopting countries. The dependent variables are Total Risk and Sys-
tematic. Total Risk is the standard deviation of daily returns of each bank for each year. Systematic Risk is the beta from
a market model regression of the daily return on each bank on the corresponding returns on the MSCI index. Our inde-
pendent variable of interest is the interaction term, POST x IFRS which captures the post IFRS 9 implementation period
for banks in IFRS 9 adopting countries. All other variables are defined in Appendix 1. Standard errors are clustered at the
bank level. T-statistics are in parenthesis. ***, *** and * denote statistical significance at the 1%, 5% and 10% levels
respectively.
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To assess the riskiness of banks, we compute the Z-Score for each bank in line with pre-
vious literature (Danisman & Demirel, 2019; Mourouzidou-Damtsa et al., 2019). We
compute this as the return on assets plus capital to asset ratio scaled by the standard devi-
ation of return on assets over the past three years. This measure captures the distance
away from insolvency with a higher figure implying a greater distance from insolvency,
and by implication, a lower probability of insolvency. For ease of interpretation, we use
the inverse value such that a higher value indicates higher risk. We then classify banks as
safer if their Z-Score values prior to the implementation of IFRS 9 is below the sample
median for the pre-implementation period and riskier if their Z-Score values prior to
the implementation of IFRS 9 is above the sample median value during the pre-
implementation period. Thus, we focus on the riskiness of banks prior to the implemen-
tation of IFRS 9. This process yields 140 and 115 treated banks classified as safer and
riskier respectively. It also yields 206 and 188 control banks that are classified as safer
and riskier respectively. Our pre-IFRS 9 implementation period for classifying banks
as safer or riskier extends to the years before the start of the sample period, i.e. 5
years. Hence, due to missing values of Z-Score for some of these years, the total
number of banks for this analysis adds up to 649.

We then re-estimate our regression for each sub-sample. If the negative effect of IFRS
9 on Total Risk and Systematic Risk is a manifestation of effective regulation, we expect to
see negative and statistically significant coefficients of our variable of interest, Post x IFRS
9, for banks in the riskier category and an insignificant or positive coefficient for the
banks in the safer category. Table 5 presents the results of this analysis. Columns 1
and 2 present the results for the safer sub-sample whilst columns 3 and 4 present
results for the riskier sub-sample. As can be seen from Columns 3 and 4 of the table,
co-efficient estimates of our variable of interest are negative and statistically significant
for both Total Risk and Systematic Risk. This shows that our documented negative
relationship between IFRS 9 and bank risk is more pronounced for riskier banks. We
find these results to be intuitive because we do not see risk reduction for the safer
banks. On the contrary, the results in Column 2 imply that any regulatory overreach
for safer banks would rather result in an increased market risk for safer banks.

6.3. The role of regulatory enforcement

Prior studies on the consequences of IFRS argue that the effectiveness of IFRS in increas-
ing transparency, and hence being beneficial, depends significantly on the regulatory
environment (Ahmed et al., 2013; Bova & Pereira, 2012; Cai et al., 2014; Daske et al.,
2013; Houqe & Monem, 2016; Mantzari et al., 2017). Due to the large discretionary
nature and subjective estimates requirements of IFRS, some scholars claim that it leads
to opacity of financial statements and an increase in the information advantage of man-
agement in weak regulatory environments (Ahmed et al., 2013; Ball, 2006; Bova &
Pereira, 2012; Chand & White, 2007; Daske et al., 2008; Hopper et al., 2017; Mantzari
et al., 2017). Thus, the ability of IFRS 9 to contribute to reducing bank risk is limited
to countries with strong institutional quality. On the contrary, as a high-quality standard,
IFRS could serve as an additional layer of quality regulation on existing institutions;
hence the impact of IFRS 9 on bank risk could be stronger in a weak regulatory environ-
ment (Cai et al., 2014; Houqe & Monem, 2016).
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Following these competing arguments, we next examine whether our results are
moderated by the strength of regulatory enforcement in terms of both accounting stan-
dards and banking supervision. To examine the role of accounting regulatory enforce-
ment, we rely on the index created by Brown et al. (2014). Compared to other broad
measures of enforcement that look at the quality of legal institutions, this measure
focuses explicitly on accounting compliance and is drawn from extensive surveys
undertaken by the International Federation of Accountants. It is based on 51 countries
for the period 2002, 2005 and 2008. We partition countries into weak and strong enfor-
cement quality based on whether the score for each country is below or above the
sample median. To examine the role of banking supervision, we follow López-Espinosa
et al. (2021) and create an index using the 2019 edition of the Bank Regulation and
Supervision Survey by the World Bank. We adopt the seven questions identified by
López-Espinosa et al. (2021) as most reflecting the supervisory powers of regulators
in terms of key issues such as accounting and auditing (see Appendix 2). We assign
a value of 1 if the answer to any of the seven questions is yes, and 0 otherwise. We
then sum the values across all seven items for each country to obtain an index that
ranges from 0 to 7. Like López-Espinosa et al. (2021), we split countries in to low
and high banking supervision based on whether the index value for each country is
below or above the sample median.

Table 5. Safer vs riskier banks.
Safer Banks Riskier Banks

(1) (2) (3) (4)
Total Risk Systematic Risk Total Risk Systematic Risk

Post x IFRS 9 −0.0003 0.1456*** −0.0018** −0.4355***
(−0.79) (3.49) (−2.35) (−9.33)

Size −0.0011 0.3116*** 0.0015 0.2477***
(−0.68) (3.42) (0.94) (3.06)

ROA −0.1974*** 4.4715 −0.1740*** −1.8286
(−4.04) (0.58) (−3.84) (−0.50)

SD ROA 0.0328 −1.7709 −0.0399 −2.6062
(0.34) (−0.35) (−0.51) (−0.36)

Tier 1 Capital −0.0104 −0.8720 0.0016 −1.8710**
(−0.89) (−0.90) (0.10) (−1.97)

Board Independence −0.0058 −0.1363 0.0031 −0.3403
(−1.27) (−0.55) (0.66) (−0.78)

CEO Duality −0.0007 −0.0348 −0.0003 −0.0681
(−1.57) (−0.66) (−0.42) (−1.00)

GDP Growth −0.0348** −1.5237 −0.0377* −6.5479***
(−2.30) (−1.40) (−1.70) (−4.76)

Constant 0.0443 −4.2821*** −0.0040 −2.4263*
(1.59) (−2.61) (−0.15) (−1.69)

Bank Fixed Effects Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes
N 1097 1097 814 814
Adjusted R2 0.212 0.282 0.193 0.167

This table presents regression results for the impact of the post IFRS 9 implementation period on bank risk for safer and
riskier banks. Safer banks are defined as banks with below median inverse Z-Score and riskier banks are defined as
banks with above median Z-Score prior to IFRS 9 implementation. The dependent variables are Total Risk and Systema-
tic. Total Risk is the standard deviation of daily returns of each bank for each year. Systematic Risk is the beta from a
market model regression of the daily return on each bank on the corresponding returns on the MSCI index. Our inde-
pendent variable of interest is the interaction term, POST x IFRS which captures the post IFRS 9 implementation period
for banks in IFRS 9 adopting countries. All other variables are defined in Appendix 1. Standard errors are clustered at the
bank level. T-statistics are in parenthesis. ***, *** and * denote statistical significance at the 1%, 5% and 10% levels
respectively.
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Table 6 presents the results of our tests of the role of regulatory enforcement. Panel A pre-
sents the results relating to accounting enforcement. As can be seen from the table, co-efficient
estimates of our variable of interest, Post x IFRS 9, are larger and statistically significant for the
strong enforcement sub-sample (columns 3 & 4). This suggests that the effect of IFRS 9
on bank risk is greater when accounting enforcement is stronger. In Panel B, we present
the results relating to banking supervision intensity. The co-efficient estimates of Post x
IFRS 9 is insignificant for Total risk and weakly significant for systematic risk in the low
banking supervision intensity sub-sample. However, they are highly significant for banks
in countries with high banking supervision intensity as can be seen in columns 3 and 4 of
Panel B. Overall, the results in Table 6 support the view that the regulatory environment
plays a vital role in the capital markets effects of IFRS 9 implementation and more specifi-
cally, the effectiveness is achieved when the quality of regulatory enforcement is stronger.

7. Robustness checks

In this section, we present a set of analyses to check the robustness of our main results.

Table 6. The role of regulatory enforcement.
Panel A: Enforcement of Accounting Standards

Weak Strong

(1) (2) (3) (4)
Total Risk Systematic Risk Total Risk Systematic Risk

Post x IFRS9 −0.0001 −0.3385 −0.0007** −0.7219***
(−0.12) (−1.09) (−2.11) (−16.20)

Constant 0.0708* 0.0904 0.0123 −14.5767***
(1.85) (0.05) (0.77) (−10.05)

Controls Yes Yes Yes Yes
Bank Fixed Effects Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes
N 910 910 906 906
Adjusted R2 0.291 0.233 0.164 0.424

Panel B: Banking supervision intensity

Low High

(1) (2) (3) (4)
Total Risk Systematic Risk Total Risk Systematic Risk

Post x IFRS9 −0.0003 −0.2526* −0.1354*** −0.4782***
(−0.66) (−1.82) (−3.98) (−4.15)

Constant 0.0153 −2.4882** 0.1153 23.5768***
(0.77) (−2.49) (1.51) (3.66)

Controls Yes Yes Yes Yes
Bank Fixed Effects Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes
N 958 958 911 911
Adjusted R2 0.189 0.332 0.500 0.249

This table presents regression results for the impact of IFRS 9 implementation per on bank risk, based on the quality of
regulatory enforcement. Panel A presents results with respect the enforcement of accounting standards and Panel B
presents results with respect the enforcement of banking supervision. The dependent variables are Total Risk and Sys-
tematic. Total Risk is the standard deviation of daily returns of each bank for each year. Systematic Risk is the beta from
a market model regression of the daily return on each bank on the corresponding returns on the MSCI index. Our inde-
pendent variable of interest is the interaction term, POST x IFRS 9, which captures the post IFRS 9 implementation
period for banks in IFRS 9 adopting countries. All other variables are defined in Appendix 1. Standard errors are clus-
tered at the bank level. T-statistics are in parenthesis. ***, *** and * denote statistical significance at the 1%, 5% and
10% levels respectively.
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7.1. Excluding UK and US

As noted from our sample distribution in Table 1, the UK has the highest number of
observations in the IFRS 9 adopting countries. Similarly, the US has a disproportionately
larger number of observations in not only the non-IFRS 9 sample, but the entire sample.
Therefore, one may argue that our findings are mainly driven by the inclusion of these
two countries, especially the US. We directly address this concern by first excluding
only the US and then excluding both the US and the UK in our estimation of equation
(3). The results are presented in Table 7. We continue to find qualitatively similar results
in terms of the impact of IFRS 9 on bank risk suggesting that our conclusions are not
driven by the larger weighting of the UK and US in the sample.

7.2. Alternative measure of risk

So far, our analysis has been based on market measures of risk. Despite our explanations
above for using market measures of risk, one may still argue that it is necessary to also
examine whether IFRS 9 has an impact on bank risk behaviour which may also be a cat-
alyst for any capital market implications, as market measures of risk do not directly
capture risk-taking behaviour by banks. To address this concern, we regress our Z-
Score measure on implementation of IFRS 9, it reflects risk-taking behaviour by

Table 7. Excluding US and UK.
No US No US and UK

(1) (2) (3) (4)
Total Risk Systematic Risk Total Risk Systematic Risk

Post x IFRS 9 −0.0004 −0.2769*** −0.0004 −0.2659***
(−0.72) (−9.99) (−0.75) (−9.51)

Size −0.0013 0.0784 −0.0016 0.0506
(−0.68) (0.94) (−0.78) (0.57)

ROA −0.2189*** 4.1089 −0.1879*** −2.9458
(−5.51) (0.84) (−3.50) (−1.07)

SD ROA −0.0021 −1.0165 −0.0641 −4.7224
(−0.03) (−0.18) (−0.71) (−0.57)

Tier 1 Capital 0.0068 −1.0694 0.0111 −0.9315
(0.54) (−1.38) (0.83) (−1.20)

Board Independence −0.0008 −0.5175* −0.0002 −0.4090
(−0.18) (−1.83) (−0.04) (−1.49)

CEO Duality −0.0015 −0.1932*** −0.0015 −0.1740***
(−1.11) (−3.20) (−1.16) (−2.75)

GDP Growth −0.0461*** −3.4741*** −0.0520*** −3.3106***
(−3.31) (−3.77) (−3.68) (−3.75)

Constant 0.0464 −0.0766 0.0508 0.3606
(1.33) (−0.05) (1.36) (0.23)

Bank Fixed Effects Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes
N 1086 1086 1039 1039
Adjusted R2 0.226 0.180 0.197 0.180

This table presents regression results for the impact of the post IFRS 9 implementation period on bank risk for banks in
IFRS 9 adopting countries relative to non-IFRS 9 adopting countries where we exclude the US (Columns 1 & 2) and both
the US and UK (Columns 3 & 4). The dependent variables are Total Risk and Systematic. Total Risk is the standard devi-
ation of daily returns of each bank for each year. Systematic Risk is the beta from a market model regression of the daily
return on each bank on the corresponding returns on the MSCI index. Our independent variable of interest is the inter-
action term, POST x IFRS which captures the post IFRS 9 implementation period for banks in IFRS 9 adopting countries.
All other variables are defined in Appendix 1. Standard errors are clustered at the bank level. T-statistics are in parenth-
esis. ***, *** and * denote statistical significance at the 1%, 5% and 10% levels respectively.
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banks. As mentioned earlier, we compute this as the return on assets plus capital to asset
ratio scaled by the standard deviation of return on assets. We however use the standard
deviation of return on asset for the period prior to the implementation of IFRS 9 to avoid
any overlaps. Again, for ease of interpretation, we use the inverse value such that a higher
figure denotes high risk-taking. Also, and in line with Danisman and Demirel (2019), we
take the natural log of this measure to reduce the effect of extreme values. We then
present the results from this analysis in Table 8. As can be seen from the table, our vari-
able of interest remains negative and statistically significant. This allows us to conclude
that the implementation of IFRS 9 also influences bank risk taking behaviour.

7.3. Alternative estimation methods

To further strengthen the robustness our results, we also employ two alternative esti-
mation methods. Firstly, given that we combine country-level and firm-level data,
country-level variables can be spurious, especially when there are large differences in
the number of banks each country contributes to the overall sample. To address this
concern, we follow Mourouzidou-Damtsa et al. (2019) and use a multi-level hierarchical
model to re-estimate equation (2). This approach splits the variance from the bank and
country-level variables and applies appropriate weights that consider the number of
banks in each country. We present the results of this estimation in Columns 1 and 2
of Table 9. As can be seen from the table, the interaction term, Post x IFRS9 continues
to be negative and significant across all columns, confirming our earlier finding that

Table 8. Alternative measure of risk.
(1)

Z Score

Post x IFRS 9 −0.1734***
(−3.19)

Size −0.1528
(−1.30)

ROA −5.3832*
(−1.85)

SD ROA 169.1101***
(4.86)

Tier 1 Capital −2.1113
(−1.64)

Board Independence 0.0226
(0.05)

CEO Duality 0.1676*
(1.72)

GDP Growth −4.6905***
(−2.87)

Constant −1.6638
(−0.81)

Bank Fixed Effects Yes
Year Effect Yes
N 1983
Adjusted R2 0.354

This table presents regression results for the impact of the post IFRS 9 implementation period on bank risk for banks in
IFRS 9 adopting countries relative to non-IFRS 9 adopting countries using an alternative measure of risk. Our indepen-
dent variable of interest is the interaction term, POST x IFRS which captures the post IFRS 9 implementation period for
banks in IFRS 9 adopting countries. All other variables are defined in Appendix 1. Standard errors are clustered at the
bank level. Standard errors are clustered at the bank level. T-statistics are in parenthesis. ***, *** and * denote statistical
significance at the 1%, 5% and 10% levels respectively.
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banks in IFRS adopting countries experience lower risks compared to those in non-bank
IFRS countries following the implementation of IFRS 9.

Secondly, to address issues of endogeneity, we apply an entropy balancing estimation
technique. This allows us to address any concerns that banks in our treatment group
could be inherently different from those in the control group. This approach enhances
comparability of the treatment and control groups by assigning a reweighting of the
moments of the covariates of firms in the control group to make them equal to the
moments of the treated group (Hainmueller, 2012; Hainmueller & Xu, 2013). For our
analysis, and consistent with other previous studies (e.g. Boasiako et al., 2022), we
balance the first three moments (i.e. mean, variance and skewness) of the covariates of
both treated and control groups. Unlike other matching methods like Propensity Score
Matching (PSM), the entropy balancing approach enhances balance quality and
reduces potentially tedious balance checks since covariate moments are automatically
balanced by an algorithm (Hainmueller, 2012). We present our results for this analysis
in Columns 3 and 4 of Table 9. Again, we observe that results in terms of the main vari-
able of interest remain qualitatively similar to those from our baseline regressions.

8. Conclusion

In this paper, we examine the effect of IFRS 9: Financial Instruments on bank risk behav-
iour. IFRS 9 requires the estimation of impairment based on the expected credit loss of the
financial assets and not the incurred loss, which relies on the happening of an actual event
as it was in IAS 39. As such, the implementation of IFRS 9 leads to an increase in provisions
of financial assets and loan loss provisions for banks, which can affect the market percep-
tion of the risk-taking of banks. We use a sample of 666 banks across 61 countries for the
period 2016–2019 and employ a battery of estimation techniques. Our findings suggest that
the implementation of IFRS 9 is associated with a reduction in market risk measures in

Table 9. Alternative estimation methods.
Multi-level hierarchical model Entropy balancing

(1) (2) (1) (2)
Total Risk Systematic Risk Total Risk Systematic Risk

Post x IFRS9 −0.0008** −0.1990*** −0.001** −0.315***
(−2.08) (−5.84) (−2.53) (−7.73)

Post −0.0002 −0.0448 −0.000 −0.182***
(−1.04) (−1.63) (−0.86) (−5.57)

IFRS 9 0.0016*** −0.1509*** 0.001*** −0.010
(2.77) (−3.37) (0.2.61) (−0.27)

Controls Yes Yes Yes Yes
Year Effect Yes Yes Yes Yes
N 1978 1978 1978 1978
Average/Adjusted R2 0.175 0.181 0.267 0.377

This table presents regression results for the impact of the post IFRS 9 implementation period on bank risk for banks in
IFRS 9 adopting countries relative to non-IFRS 9 adopting countries using alternative estimation techniques. Columns 1
and 2 present results from a multi-level hierarchical regression model whilst Columns 3 and 4 present the results from
an entropy balancing estimation model. The dependent variables in both models are Total Risk and Systematic. Total
Risk is the standard deviation of daily returns of each bank for each year. Systematic Risk is the beta from a market
model regression of the daily return on each bank on the corresponding returns on the MSCI index. Our independent
variable of interest is the interaction term, POST x IFRS which captures the post IFRS 9 implementation period for banks
in IFRS 9 adopting countries. All other variables are defined in Appendix 1. Standard errors are clustered at the bank
level. T-statistics are in parenthesis. ***, *** and * denote statistical significance at the 1%, 5% and 10% levels
respectively.
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banks domiciled in IFRS 9 adopting countries relative to banks in non-IFRS 9 adopting
countries. This impact is, however, more pronounced for banks in countries with stronger
accounting regulatory enforcement and banks in countries with high banking
supervision intensity. We also show that the effect of IFRS 9 on bank risk is a manifestation
of effective regulation rather than regulatory overreach as the relationship that we docu-
ment between IFRS 9 and bank risk is mainly present for banks with higher risk prior
to the implementation of IFRS 9. We argue that the forward-looking provision under
the new standard, compared with the incurred provision of its predecessor IAS 39, provides
quality information on the nature, likelihood and timing of risks that enhance lending
decisions. Arguably, estimations of the expected credit loss give the bank a grip of the
future; hence IFRS 9 is more likely to ensure financial stability, which is consistent with
the objective of bank regulators, the promoters of the standard (Giner & Mora, 2019).

Our findings complement prior studies on the relevance of financial reporting standards
in the banking sector. This current study also adds to the debate on how a shift from more
conservative provisioning to more forward-looking provisioning affects bank risk. Our
results suggest that the forward-looking measurement provides more timely information
to enhance market discipline of bank risk. However, we caution that our study provides
initial evidence and is more exploratory in nature due to the newness of IFRS 9.

Acknowledgment

We are sincerely grateful to Professor Charles H. Cho (Editor), Luc Paugam (Associate Editor),
and our two anonymous reviewers for constructive comments and feedback. All errors and omis-
sions are our own.

Disclosure statement

No potential conflict of interest was reported by the author(s).

Funding

This research did not receive any specific grant from funding agencies in the public, commercial,
or not-for-profit sectors.

ORCID

Anthony Kyiu http://orcid.org/0000-0003-0410-8193
Vincent Tawiah http://orcid.org/0000-0003-1679-387X

References

Ahmed, K., Chalmers, K., & Khlif, H. (2013). A meta-analysis of IFRS adoption effects.
International Journal of Accounting, 48(2), 173–217. https://doi.org/10.1016/j.intacc.2013.04.002

Albrahimi, A. (2019). Loan loss provisioning and market discipline: Evidence from the IFRS 9
adoption. Available at SSRN 3488058. https://doi.org/10.2139/ssrn.3488058

Allen, B., Chan, K. K., Milne, A., & Thomas, S. (2012). Basel III: Is the cure worse than the disease?
International Review of Financial Analysis, 25, 159–166. https://doi.org/10.1016/j.irfa.2012.08.
004

20 A. KYIU AND V. TAWIAH

http://orcid.org/0000-0003-0410-8193
http://orcid.org/0000-0003-1679-387X
https://doi.org/10.1016/j.intacc.2013.04.002
https://doi.org/10.2139/ssrn.3488058
https://doi.org/10.1016/j.irfa.2012.08.004
https://doi.org/10.1016/j.irfa.2012.08.004


Amel-Zadeh, A., & Barth, M. E. (2021). Auditor reporting to bank regulators: Effective regulation
or regulatory overreach? Journal of Accounting and Economics, 72(2-3), 101450. https://doi.org/
10.1016/j.jacceco.2021.101450

Ball, R. (2006). International financial reporting standards (IFRS): pros and cons for investors.
Accounting and Business Research, 36(sup1), 5–27. https://doi.org/10.1080/00014788.2006.
9730040

Barth, M., & Landsman, W. (2010). How did financial reporting contribute to the financial crisis?
European Accounting Review, 19(3), 399–423. https://doi.org/10.1080/09638180.2010.498619

Beatty, A., & Liao, S. (2011). Do delays in expected loss recognition affect banks’ willingness to
lend? Journal of Accounting & Economics, 52(1), 1–20. https://doi.org/10.1016/j.jacceco.2011.
02.002

Beatty, A., & Liao, S. (2014). Financial accounting in the banking industry: A review of the empiri-
cal literature. Journal of Accounting & Economics, 58(2/3), 339–383. https://doi.org/10.1016/j.
jacceco.2014.08.009

Berger, A. N., Kick, T., & Schaeck, K. (2014). Executive board composition and bank risk taking.
Journal of Corporate Finance, 28, 48–65. https://doi.org/10.1016/j.jcorpfin.2013.11.006

Bischof, J., Daske, H., & Sextroh, C. (2014). Fair value-related information in analysts’ decision
processes: Evidence from the financial crisis. Journal of Business Finance & Accounting, 41(3/
4), 363–400. https://doi.org/10.1111/jbfa.12063

Bleck, A., & Liu, X. (2007). Market transparency and the accounting regime. Journal of Accounting
Research, 45(2), 229–256. https://doi.org/10.1111/j.1475-679X.2007.00231.x

Bloomberg. (2012). The EU smiled while Spain’s banks cooked the books. https://www.bloomberg.
com/opinion/articles/2012-06-14/the-eu-smiled-while-spain-s-banks-cooked-the-books.

Boasiako, K. A., Manu, S. A., & Antwi-Darko, N. Y. (2022). Does financing influence the sensitivity
of cash and investment to asset tangibility? International Review of Financial Analysis, 80,
102055. https://doi.org/10.1016/j.irfa.2022.102055

Bouvatier, V., & Lepetit, L. (2012). Provisioning rules and bank lending: A theoretical model.
Journal of Financial Stability, 8(1), 25–31. https://doi.org/10.1016/j.jfs.2011.04.001

Bova, F., & Pereira, R. (2012). The determinants and consequences of heterogeneous IFRS com-
pliance levels following mandatory IFRS adoption: Evidence from a developing country.
Journal of International Accounting Research, 11(1), 83–111. https://doi.org/10.2308/jiar-10211

Brown, P., Preiato, J., & Tarca, A. (2014). Measuring country differences in enforcement of
accounting standards: An audit and enforcement proxy. Journal of Business Finance &
Accounting, 41(1-2), 1–52. https://doi.org/10.1111/jbfa.12066

Bushman, R. M. (2016). Transparency, accounting discretion, and bank stability. Economic Policy
Review, 22(1), 129–149. https://search.ebscohost.com/login.aspx?direct=true&db=bth&AN=
117796081&site=ehost-live

Bushman, R. M., & Landsman, W. R. (2010). The pros and cons of regulating corporate reporting:
A critical review of the arguments. Accounting & Business Research, 40(3), 259–273. https://doi.
org/10.1080/00014788.2010.9663400

Bushman, R. M., & Williams, C. D. (2012). Accounting discretion, loan loss provisioning, and dis-
cipline of banks’ risk-taking. Journal of Accounting and Economics, 54(1), 1–18. https://doi.org/
10.1016/j.jacceco.2012.04.002

Byard, D., Li, Y., & Yu, Y. (2011). The effect of mandatory IFRS adoption on financial analysts’.
Information Environment. Journal of Accounting Research, 49(1), 69–96. https://doi.org/10.
1111/j.1475-679X.2010.00390.x

Cai, L., Rahman, A., & Courtenay, S. (2014). The effect of IFRS adoption conditional upon the level
of pre-adoption divergence. International Journal of Accounting, 49(2), 147–178. https://doi.
org/10.1016/j.intacc.2014.04.004

Chand, P., & White, M. (2007). A critique of the influence of globalization and convergence of
accounting standards in Fiji. Critical Perspectives on Accounting, 18(5), 605–622. https://doi.
org/10.1016/j.cpa.2006.05.006

Cohen, B. H., & Edwards, G. (2017). The new era of expected credit loss provisioning. BIS
Quarterly Review. https://www.bis.org/publ/qtrpdf/r_qt1703f.htm

ACCOUNTING FORUM 21

https://doi.org/10.1016/j.jacceco.2021.101450
https://doi.org/10.1016/j.jacceco.2021.101450
https://doi.org/10.1080/00014788.2006.9730040
https://doi.org/10.1080/00014788.2006.9730040
https://doi.org/10.1080/09638180.2010.498619
https://doi.org/10.1016/j.jacceco.2011.02.002
https://doi.org/10.1016/j.jacceco.2011.02.002
https://doi.org/10.1016/j.jacceco.2014.08.009
https://doi.org/10.1016/j.jacceco.2014.08.009
https://doi.org/10.1016/j.jcorpfin.2013.11.006
https://doi.org/10.1111/jbfa.12063
https://doi.org/10.1111/j.1475-679X.2007.00231.x
https://www.bloomberg.com/opinion/articles/2012-06-14/the-eu-smiled-while-spain-s-banks-cooked-the-books
https://www.bloomberg.com/opinion/articles/2012-06-14/the-eu-smiled-while-spain-s-banks-cooked-the-books
https://doi.org/10.1016/j.irfa.2022.102055
https://doi.org/10.1016/j.jfs.2011.04.001
https://doi.org/10.2308/jiar-10211
https://doi.org/10.1111/jbfa.12066
https://search.ebscohost.com/login.aspx?direct=true&db=bth&AN=117796081&site=ehost-live
https://search.ebscohost.com/login.aspx?direct=true&db=bth&AN=117796081&site=ehost-live
https://doi.org/10.1080/00014788.2010.9663400
https://doi.org/10.1080/00014788.2010.9663400
https://doi.org/10.1016/j.jacceco.2012.04.002
https://doi.org/10.1016/j.jacceco.2012.04.002
https://doi.org/10.1111/j.1475-679X.2010.00390.x
https://doi.org/10.1111/j.1475-679X.2010.00390.x
https://doi.org/10.1016/j.intacc.2014.04.004
https://doi.org/10.1016/j.intacc.2014.04.004
https://doi.org/10.1016/j.cpa.2006.05.006
https://doi.org/10.1016/j.cpa.2006.05.006
https://www.bis.org/publ/qtrpdf/r_qt1703f.htm


Cohen, B. H., & Scatigna, M. (2016). Banks and capital requirements: Channels of adjustment.
Journal of Banking & Finance, 69, S56–S69. https://doi.org/10.1016/j.jbankfin.2015.09.022

Craig Nichols, D., Wahlen, J. M., & Wieland, M. M. (2009). Publicly traded versus privately held:
Implications for conditional conservatism in bank accounting. Review of Accounting Studies, 14,
88–122. http://doi.org/10.1007/s11142-008-9082-3

Danisman, G. O., & Demirel, P. (2019). Bank risk-taking in developed countries: The influence of
market power and bank regulations. Journal of International Financial Markets, Institutions and
Money, 59, 202–217. https://doi.org/10.1016/j.intfin.2018.12.007

Daske, H., Hail, L., Leuz, C., & Verdi, R. (2008). Mandatory IFRS reporting around the world:
Early evidence on the economic consequences. Journal of Accounting Research, 46(5), 1085–
1142. https://doi.org/10.1111/j.1475-679X.2008.00306.x

Daske, H., Hail, L., Leuz, C., & Verdi, R. (2013). Adopting a label: Heterogeneity in the economic
consequences around IAS/IFRS adoptions. Journal of Accounting Research, 51(3), 495–547.
https://doi.org/10.1111/1475-679X.12005

DeFond, M., Hu, X., Hung, M., & Li, S. (2011). The impact of mandatory IFRS adoption on foreign
mutual fund ownership: The role of comparability [Article]. Journal of Accounting & Economics,
51(3), 240–258. https://doi.org/10.1016/j.jacceco.2011.02.001

DeFond, M. L., Hung, M., Li, S., & Li, Y. (2015). Does mandatory IFRS adoption affect crash risk?
The Accounting Review, 90(1), 265–299. https://doi.org/10.2308/accr-50859

Deloitte. (2013). Going up? The impact of impairment proposals on regulatory capital.
Deloitte. (2016). A drain on resources? The Impact of IFRS 9 on Banking Sector Regulatory Capital.

https://www2.deloitte.com/uk/en/pages/financial-services/articles/impact-of-ifrs-9-on-
banking-sector-regulatory-capital.html.

Deloitte. (2019). After the first year of IFRS 9—Analysis of the initial impact on the large UK banks
https://www.iasplus.com/en/publications/uk/other/ifrs-9-impact-uk-banks.

Dong, M., & Oberson, R. (2021). Moving toward the expected credit loss model under IFRS 9:
Capital transitional arrangement and bank systematic risk. Accounting & Business Research,
52(6), 641–679. https://doi.org/10.1080/00014788.2021.1952060

Elliott, J. A., Hanna, J. D., & Shaw, W. H. (1991). The evaluation by the financial markets of
changes in bank loan loss reserve levels. Accounting Review, 66(4), 847–861. https://www.
jstor.org/stable/248160

Erkens, D. H., Hung, M., & Matos, P. (2012). Corporate governance in the 2007–2008 financial
crisis: Evidence from financial institutions worldwide. Journal of Corporate Finance, 18(2),
389–411. https://doi.org/10.1016/j.jcorpfin.2012.01.005

Ernst and Young. (2014). Impairment of financial instruments under IFRS 9. https://www.ey.com/
en_gl/ifrs-technical-resources/impairment-of-financial-instruments-under-ifrs-9.

Ertan, A. (2021). Expected losses, unexpected costs? Evidence from SME credit access under IFRS
9. Evidence from SME Credit Access under IFRS, 9. https://doi.org/10.2139/ssrn.3504708

Flannery, M., & Thakor, A. V. (2006). Accounting, transparency and bank stability. Journal of
Financial Intermediation, 15(3), 281–284. http://doi.org/10.1016/j.jfi.2006.05.001

Gambacorta, L., & Shin, H. S. (2018). Why bank capital matters for monetary policy. Journal of
Financial Intermediation, 35, 17–29. https://doi.org/10.1016/j.jfi.2016.09.005

Gebhardt, G. (2016). Impairments of Greek government bonds under IAS 39 and IFRS 9: A case
study. Accounting in Europe, 13(2), 169–196. https://doi.org/10.1080/17449480.2016.1208833

Gebhardt, G., & Novotny-Farkas, Z. (2011). Mandatory IFRS adoption and accounting quality of
European Banks. Journal of Business Finance & Accounting, 38(3/4), 289–333. https://doi.org/
10.1111/j.1468-5957.2011.02242.x

Giner, B., & Mora, A. (2019). Bank loan loss accounting and its contracting effects: The new
expected loss models. Accounting and Business Research, 49(6), 726–752. https://doi.org/10.
1080/00014788.2019.1609898

Gomaa, M., Kanagaretnam, K., Mestelman, S., & Shehata, M. (2019). Testing the efficacy of repla-
cing the incurred credit loss model with the expected credit loss model. European Accounting
Review, 28(2), 309–334. https://doi.org/10.1080/09638180.2018.1449660

22 A. KYIU AND V. TAWIAH

https://doi.org/10.1016/j.jbankfin.2015.09.022
http://doi.org/10.1007/s11142-008-9082-3
https://doi.org/10.1016/j.intfin.2018.12.007
https://doi.org/10.1111/j.1475-679X.2008.00306.x
https://doi.org/10.1111/1475-679X.12005
https://doi.org/10.1016/j.jacceco.2011.02.001
https://doi.org/10.2308/accr-50859
https://www2.deloitte.com/uk/en/pages/financial-services/articles/impact-of-ifrs-9-on-banking-sector-regulatory-capital.html
https://www2.deloitte.com/uk/en/pages/financial-services/articles/impact-of-ifrs-9-on-banking-sector-regulatory-capital.html
https://www.iasplus.com/en/publications/uk/other/ifrs-9-impact-uk-banks
https://doi.org/10.1080/00014788.2021.1952060
https://www.jstor.org/stable/248160
https://www.jstor.org/stable/248160
https://doi.org/10.1016/j.jcorpfin.2012.01.005
https://www.ey.com/en_gl/ifrs-technical-resources/impairment-of-financial-instruments-under-ifrs-9
https://www.ey.com/en_gl/ifrs-technical-resources/impairment-of-financial-instruments-under-ifrs-9
https://doi.org/10.2139/ssrn.3504708
http://doi.org/10.1016/j.jfi.2006.05.001
https://doi.org/10.1016/j.jfi.2016.09.005
https://doi.org/10.1080/17449480.2016.1208833
https://doi.org/10.1111/j.1468-5957.2011.02242.x
https://doi.org/10.1111/j.1468-5957.2011.02242.x
https://doi.org/10.1080/00014788.2019.1609898
https://doi.org/10.1080/00014788.2019.1609898
https://doi.org/10.1080/09638180.2018.1449660


Hainmueller, J. (2012). Entropy balancing for causal effects: A multivariate reweighting method to
produce balanced samples in observational studies. Political Analysis, 20(1), 25–46. https://doi.
org/10.1093/pan/mpr025

Hainmueller, J., & Xu, Y. (2013). Ebalance: A Stata package for entropy balancing. Journal of
Statistical Software, 54(7), 1–18. https://doi.org/10.18637/jss.v054.i07

Hopper, T., Lassou, P., & Soobaroyen, T. (2017). Globalisation, accounting and developing
countries. Critical Perspectives on Accounting, 43, 125–148. https://doi.org/10.1016/j.cpa.2016.
06.003

Houqe, M. N., & Monem, R. M. (2016). IFRS adoption, extent of disclosure, and perceived corrup-
tion: A cross-country study. The International Journal of Accounting, 51(3), 363–378. https://
doi.org/10.1016/j.intacc.2016.07.002

Hovakimian, A., & Kane, E. J. (2000). Effectiveness of capital regulation at U.S. commercial banks,
1985 to 1994. The Journal of Finance, 55(1), 451–468. http://doi.org/10.1111/0022-1082.00212

Hutton, A. P., Marcus, A. J., & Tehranian, H. (2009). Opaque financial reports, R 2, and crash risk.
Journal of Financial Economics, 94(1), 67–86. https://doi.org/10.1016/j.jfineco.2008.10.003

Iannotta, G., Pennacchi, G., & Santos, J. A. (2019). Ratings-based regulation and systematic risk
incentives. The Review of Financial Studies, 32(4), 1374–1415. https://doi.org/10.1093/rfs/
hhy091

IASB. (2013). Exposure draft ED/2013/3 financial instruments: Expected credit losses. https://www.
ifrs.org/content/dam/ifrs/project/fi-impairment/exposure-draft-2013/published-documents/
ed-expected-credit-losses.pdf

Jin, L., & Myers, S. C. (2006). R2 around the world: New theory and new tests. Journal of Financial
Economics, 79(2), 257–292. https://doi.org/10.1016/j.jfineco.2004.11.003

John, K., Litov, L., & Yeung, B. (2008). Corporate governance and risk-taking. The Journal of
Finance, 63(4), 1679–1728. https://doi.org/10.1111/j.1540-6261.2008.01372.x

Kim, J.-B., Ng, J., &Wang, C. (2020). The effect of the shift to the expected credit loss model on the
timeliness of loan loss recognition. Available at SSRN 3490600.

KPMG. (2016). IFRS 9 for banks: What’s the impact on your business?
Laeven, L., & Levine, R. (2009). Bank governance, regulation and risk taking. Journal of Financial

Economics, 93(2), 259–275. https://doi.org/10.1016/j.jfineco.2008.09.003
Li, J. (2017). Accounting for banks, capital regulation and risk-taking. Journal of Banking &

Finance, 74, 102–121. https://doi.org/10.1016/j.jbankfin.2016.09.003
Liu, C.-C., Ryan, S. G., &Wahlen, J. M. (1997). Differential valuation implications of loan loss pro-

visions across banks and fiscal quarters. Accounting Review, 72(1), 133–146. https://www.jstor.
org/stable/248226

López-Espinosa, G., Ormazabal, G., & Sakasai, Y. (2021). Switching from incurred to expected loan
loss provisioning: Early evidence. Journal of Accounting Research, 59(3), 757–804. https://doi.
org/10.1111/1475-679X.12354

Mantzari, E., Sigalas, C., & Hines, T. (2017). Adoption of the international financial reporting stan-
dards by Greek non-listed companies: The role of coercive and hegemonic pressures.
Accounting Forum, 41(3), 185–205. https://doi.org/10.1016/j.accfor.2017.04.003

Minton, B. A., Taillard, J. P., & Williamson, R. (2014). Financial expertise of the board, risk taking,
and performance: Evidence from bank holding companies. Journal of Financial and
Quantitative Analysis, 49(2), 351–380. https://doi.org/10.1017/S0022109014000283

Mourouzidou-Damtsa, S., Milidonis, A., & Stathopoulos, K. (2019). National culture and bank
risk-taking. Journal of Financial Stability, 40, 132–143. https://doi.org/10.1016/j.jfs.2017.08.007

Novotny-Farkas, Z. (2016). The interaction of the IFRS 9 expected loss approach with supervisory
rules and implications for financial stability. Accounting in Europe, 13(2), 197–227. https://doi.
org/10.1080/17449480.2016.1210180

Pathan, S. (2009). Strong boards, CEO power and bank risk-taking. Journal of Banking & Finance,
33(7), 1340–1350. https://doi.org/10.1016/j.jbankfin.2009.02.001

Plantin, G., Sapra, H., & Shin, H. S. (2008). Marking-to-market: Panacea or pandora’s box? Journal
of Accounting Research, 46(2), 435–460. https://doi.org/10.1111/j.1475-679X.2008.00281.x

ACCOUNTING FORUM 23

https://doi.org/10.1093/pan/mpr025
https://doi.org/10.1093/pan/mpr025
https://doi.org/10.18637/jss.v054.i07
https://doi.org/10.1016/j.cpa.2016.06.003
https://doi.org/10.1016/j.cpa.2016.06.003
https://doi.org/10.1016/j.intacc.2016.07.002
https://doi.org/10.1016/j.intacc.2016.07.002
http://doi.org/10.1111/0022-1082.00212
https://doi.org/10.1016/j.jfineco.2008.10.003
https://doi.org/10.1093/rfs/hhy091
https://doi.org/10.1093/rfs/hhy091
https://www.ifrs.org/content/dam/ifrs/project/fi-impairment/exposure-draft-2013/published-documents/ed-expected-credit-losses.pdf
https://www.ifrs.org/content/dam/ifrs/project/fi-impairment/exposure-draft-2013/published-documents/ed-expected-credit-losses.pdf
https://www.ifrs.org/content/dam/ifrs/project/fi-impairment/exposure-draft-2013/published-documents/ed-expected-credit-losses.pdf
https://doi.org/10.1016/j.jfineco.2004.11.003
https://doi.org/10.1111/j.1540-6261.2008.01372.x
https://doi.org/10.1016/j.jfineco.2008.09.003
https://doi.org/10.1016/j.jbankfin.2016.09.003
https://www.jstor.org/stable/248226
https://www.jstor.org/stable/248226
https://doi.org/10.1111/1475-679X.12354
https://doi.org/10.1111/1475-679X.12354
https://doi.org/10.1016/j.accfor.2017.04.003
https://doi.org/10.1017/S0022109014000283
https://doi.org/10.1016/j.jfs.2017.08.007
https://doi.org/10.1080/17449480.2016.1210180
https://doi.org/10.1080/17449480.2016.1210180
https://doi.org/10.1016/j.jbankfin.2009.02.001
https://doi.org/10.1111/j.1475-679X.2008.00281.x


Srivastav, A., & Hagendorff, J. (2016). Corporate governance and bank risk-taking. Corporate
Governance: An International Review, 24(3), 334–345. https://doi.org/10.1111/corg.12133

Stephanou, C. (2010). Rethinking market discipline in banking: Lessons from the financial crisis.
Tan, H., Wang, S., & Welker, M. (2011). Analyst following and forecast accuracy after mandated

IFRS adoptions. Journal of Accounting Research, 49(5), 1307–1357. https://doi.org/10.1111/j.
1475-679X.2011.00422.x

Wall, L. D., & Koch, T. W. (2000). Bank loan-loss accounting: A review of theoretical and empiri-
cal evidence. Economic Review, 85(2), 1–20.

Zeff, S. A. (2012). The evolution of the IASC into the IASB, and the challenges it faces. Accounting
Review, 87(3), 807–837. https://doi.org/10.2308/accr-50130

Appendices

Appendix 1: variable definitions

This table presents the definitions of variables used in the study.

Variable Definition Source

Total Risk Standard deviation of daily returns of each bank for each year. Authors’ calculation
Systematic Risk Beta from a market model regression of the daily return on each bank

on the corresponding returns on the MSCI index
Authors’ calculation

IFRS9 An indicator variable which takes the value of 1 for banks domiciled in
a country adopting IFRS 9 and zero otherwise.

Bank Regulations and
Supervision data

POST An indicator variable which takes the value of 1 for period after the
implementation of IFRS 9 (2018 and 2019) and zero for the 2 years
before the implementation of IFRS 9 (2016 and 2017)

Authors’ calculation

Size The log of total assets of a bank Orbis Bank Focus
Tier 1 The ratio of bank capital to risk-weighted assets Orbis Bank Focus
ROA Ratio of net income to total assets Orbis Bank Focus
SD ROA Standard deviation of ROA over the last 3 years Authors’ calculation
Board
Independence

The ratio of independent directors to total number of board members Boardex

CEO Duality A dummy variable which takes the value of 1 if the Bank CEO also
doubles as the chair of the board.

Boardex

GDP Growth Annual rate of growth of GDP World Bank
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Appendix 2: construction of banking supervision intensity

This appendix presents the data items from the 2019 World Bank’s Bank Regulation and Super-
vision Survey as adapted from López-Espinosa et al. (2021). A score for each question equals 1 for a
Yes answer and 0 otherwise. The index is then computed as the sum of scores.

Question Item
Possible
Scores

Does the banking supervisor have the right to meet with the external auditors and discuss their report
without the approval of the bank (choose the most appropriate option)?

0, 1

In cases where the supervisor identifies that the bank has received an inadequate audit, does the
supervisor have the power to take actions against the external auditor?

0, 1

Do supervisors require banks to publicly disclose all fines and settlements resulting from noncompliance
with regulations?

0, 1

Does the supervisory agency have the power to require banks to constitute provisions to cover actual or
potential losses?

0, 1

Does the supervisory agency have the power to require banks to reduce or suspend dividends to
shareholders?

0, 1

Does the supervisory agency have the power to require banks to reduce or suspend bonuses and other
remuneration of bank directors and managers?

0, 1

Are bank regulators/supervisors required to make public formal enforcement actions, which include
cease and desist orders and written agreements between a bank regulatory/supervisory body and a
banking organization?

0, 1
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